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ABSTRAK

Pesatnya perkembangan teknologi otomotif telah menjadi perhatian utama
perusahaan-perusahaan otomotif. Inovasi serta pengembangan desain dan
fitur keamanan berkendara, semakin menjadi fokus utama dalam
pemenuhan tuntutan pasar. eSAF merupakan inovasi terbaru rangka motor
Matic yang diluncurkan oleh perusahaan HONDA pada akhir tahun 2019.
Dengan menggabungkan elemen-elemen, seperti keamanan, kenyamanan
dan evisiensi, HONDA behasil menciptakan rangka motor Matic yang
disebut eSAF. Mulai pertengahan agustus 2023, rangka eSAF mulai
memicu berbagai tanggapan dan respon, terkait isu kualitas yang tidak
sesuai dengan standar keselamatan berkendara. Berbagai tenggapan dan
respon terkait isu rangka eSAF telah tersebar luas di sosial media,
salahsatunya adalah X (sebelumnya Twitter). Menganalisis sentimen
masyarakat terkait rangka eSAF, menggunakan metode Naive Bayes dan
Support Vector Machine, merupakan tujuan penelitian ini. Hasil kinerja
dari kedua metode akan dikomparasikan guna menentukan metode mana
yang memiliki tingkat performa terbaik dalam menganalisis sentimen
rangka eSAF. Dari total 6041 data, sebanyak 80% atau 4832 data
digunakan sebagai data latih dan 20% atau 1209 data digunakan sebagai
data tes, yang akan dianalisis oleh metode Naive Bayes dan Support Vector
Machine. Hasil penelitian menunjukan bahwa metode MNaive Bayes
menganalisis 1016 data sebagai sentimen negatif, 192 data sebagai
sentimen netral dan 1 data sebagai sentimen positif, sedangkan metode
Support Vector Machine menganalisis 800 data sebagai sentimen negatif,
390 data sebagai sentimen netral dan 19 data sebagai sentimen positif.
Hasil penelitian menunjukan metode Support Vector Machine memiliki
nilai accuracy sebesar 0,6360, yang sedikit lebih unggul dibandingkan
metode Naive Bayes yang memiliki nilai accuracy sebesar 0,6195.

Kata Kunci: Analisis Sentimen; Klasifikasi; Naive Bayes; Support Vector
Machine; Tweet; Perbandingan.



ABSTRACT

The rapid development of automotive technology has become a primary
focus for automotive companies. Innovation, as well as the development of
design and safety features, have increasingly become central to meeting
market demands. eSAF is the latest innovation in the frame of automatic
motorcycles, launched by HONDA at the end of 2019. By combining
elements such as safety, comfort, and efficiency, HONDA successfully
created an automatic motorcycle frame called eSAF. Starting in mid-
August 2023, the eSAF frame began to trigger various reactions and
responses related to issues of quality that do not meet safety standards.
Various reactions and responses concerning the eSAF frame issue have
spread widely on social media, one of which is on X (formerly Twitter).
Analyzing public sentiment regarding the eSAF frame, using the Naive
Bayes and Support Vector Machine methods, is the goal of this study. The
performance results of both methods will be compared to determine which
method has the best performance in analyzing sentiment regarding the
eSAF frame. Out of a total of 6,041 data points, 8§0% or 4,832 data points
were used as training data, and 20% or 1,209 data points were used as test
data, which will be analyzed by the Naive Bayes and Support Vector
Machine methods. The research results show that the Naive Bayes method
analyzed 1,016 data points as negative sentiment, 192 data points as
neutral sentiment, and 1 data point as positive sentiment, while the Support
Vector Machine method analyzed 800 data points as negative sentiment,
390 data points as neutral sentiment, and 19 data points as positive
sentiment. The research findings indicate that the Support Vector Machine
method achieved an accuracy rate of 0.6360, slightly outperforming the
Naive Bayes method, which had an accuracy rate of 0.6195.

Keywords: Sentiment Analysis; Classification;, Naive Bayes; Support
Vector Machine; Tweet;, Comparison.
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