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ABSTRAK

Indonesia adalah negara yang kaya akan warisan budaya, salah satunya adalah
keberagaman kain tradisional, khususnya kain tenun ikat. Namun, dengan
banyaknya variasi motif dan warna, menjadi hal yang sulit bagi generasi muda
dalam membedakan jenis kain tenun Manggarai berdasarkan motif dan warna.
Penelitian ini bertujuan untuk membedakan jenis kain tenun Manggarai
berdasarkan jenis motif kain dan warnanya. Penelitian ini menggunakan 1000
dataset citra kain tenun yang terbagi menjadi empat kelas yaitu Songke Cibal,
Songke Lambaleda, Songke Ruis, dan Songke Todo, serta menggunakan metode
K-Nearest Neighbor dan Support Vector Machine. Hasil perhitungan dari
pengujian 20-fold cross-validation dengan metode K-Nearest Neighbor
menghasilkan accuracy 96,3%, precision 96,4%, recall 96,3%, dan fl-score
96,3%, sedangkan Support Vector Machine menghasilkan accuracy 87,7%,
precision 89,5%, recall 87,7%, dan F1-score 87,5%. Dari hasil pengujian yang
dilakukan, perbandingan dengan akurasi tertinggi yaitu pengujian 20-fold cross-
validation pada metode K-Nearest Neighbor menghasilkan akurasi 96,3%,
sehingga metode K-Nearest Neighbor menjadi metode yang terbaik dalam
klasifikasi untuk memprediksi kain Songke Cibal, Songke Lambaleda, Songke
Ruis, dan Songke Todo.

Kata Kunci: Klasifikasi Citra, K-Nearest Neighbor, Support Vector Machine,
Kain Tenun Manggarai, Motif.
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ABSTRACT

Indonesia is a country rich in cultural heritage, one of which is the diversity of
traditional fabrics, especially ikat woven fabrics. However, with the many
variations in motifs and colors, it is difficult for the younger generation to
distinguish the types of Manggarai woven fabrics based on motifs and colors.
This study aims to distinguish the types of Manggarai woven fabrics based on the
types of fabric motifs and colors. This study uses 1000 datasets of woven fabric
images divided into four classes, namely Songke Cibal, Songke Lambaleda,
Songke Ruis, and Songke Todo, and uses the K-Nearest Neighbor and Support
Vector Machine methods. The calculation results from the 20-fold cross-
validation test with the K-Nearest Neighbor method produced an accuracy of
96.3%, a precision of 96.4%, a recall of 96.3%, and an f1-score of 96.3%, while
the Support Vector Machine produced an accuracy of 87.7%, a precision of
89.5%, a recall of 87.7%, and an F1-score of 87.5%. From the results of the tests
carried out, the comparison with the highest accuracy, namely the 20-fold cross-
validation test on the K-Nearest Neighbor method, produced an accuracy of
96.3%, so that the K-Nearest Neighbor method became the best method in
classification to predict Songke Cibal, Songke Lambaleda, Songke Ruis, and
Songke Todo fabrics.

Keywords: Image Classification, K-Nearest Neighbor , Support Vector Machine,
Manggarai Woven Fabric, Motif.
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